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• Structure Estimation 
• Structure from Motion (SfM) [Wu11]

• Dense Reconstruction 
• CMVS/PMVS [FP10] 
• CMPMVS [JP11] 
• MVE [SFG14] 
• …
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• Generate denser 3D point cloud
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structure via a continuous variable optimization  
— Initialize the optimization 
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Optimization initialization 
with Domain problem

RANSAC          Reweighted RANSAC
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Conclusion
• Dynamic SfM

• simultaneously recover both structure and motion of each part from a 
pair of input images 

• pre-boosting and post-boosting of correspondence

• Future work

• prior knowledge of the structure 

• towards real time performance 

• multi-view input
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